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New Research Problem Sequential Deepfake Dataset
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= Comparison with deepfake detection methods
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Table 3: Accuracy of detecting Seq-Deepfake compared to deepfake detection method

o . o . o . Methods Fz}ce Components Mgnipula‘cion Fz.a,ce Attributes Mar}ipulation
= Sequential Relation Modeling with Spatially Enhanced Cross-Attention: DR e Aecl AdepiiveRce [Fied Acel Adapiive Ace
> Sequential manipulation traces - ] Wy S8 Fefpad 4638
tok spa Ours 72.65 55.30 68.86 49.63
th, tw = sigmoid(MLP(S%*)), ry,, r.,, = FC(S*¥) S =FC(5§""),K,V =FC(f*"?),
T
M(h, w) = exp (_ (h—tn)?  (w —tw)2> f7°1 = Softmax(K; QiVd + logM)V;, Code: https://github.com/rshaojimmy/SeqDeepFake
? - se se se . » - : -
A AT f*°1 = Concat(fi™, .., fp*) Project Page: https://rshaojimmy.github.io/Projects/SegDeepFake



https://github.com/rshaojimmy/SeqDeepFake
https://rshaojimmy.github.io/Projects/SeqDeepFake

